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1. Introduction
Online auction sites have evolved as one of the main alternative
consumer channels (Pinker et al., 2003 & 2010), with the global online
auction market predicted to grow by 7.2 per cent ($1.05 billion) be
tween 2018 and 2022 (Business Wire, 2018). This, in turn, is redefining
consumer shopping (Mohamed et al., 2014). eBay, as one of the most
popular online auction services, accounts for billions of dollars’ worth of
transactions a year (eBay Inc, 2019), and there is an ever-increasing
number of customer engagements with the service (Roggio, 2012; Gar
barino and Strahilevitz, 2004; Ow et al., 2018). With this increase in the
use of online auctions, there is an even greater need to understand the
key drivers of users’ decisions and behaviours in relation to such services
(Pavlou and Fygenson, 2006; Drake et al., 2012; Mohamed et al., 2014).
Hou and Elliott (2016), in fact, suggest that online auctions have specific
nuances when compared to online shopping generally and that this re
quires specific investigation in terms of differences in volumes of buyers,
processes and time engagement. It is therefore reasonable to assume that
online auction participants’ behaviour and influences may be very
different from those of other online shoppers (Hou and Elliott, 2010).
This presents a further compelling reason to explore online auctions
specifically, as outlined in this paper.
Specifically, this paper will attempt to provide a greater under
standing of how online auction consumers’ behave and what are the key
factors likely to influence and predict their behaviour, thereby extend
ing existing consumer behaviour theory and, on a practical level,
providing online auction sites such as eBay with a better understanding
of the nuances of the consumer ecosystem so as to better inform mar
keting decisions and choices. The research therefore aims to apply the
Theory of Planned Behaviour (TPB) model (Ajzen, 1991) to assist with

predicting individuals online auction decisions and usage. Furthermore,
the TPB model will be extended firstly by splitting the perceived
behavioural control (PBC) construct into self-efficacy and perceived
control, and secondly by including both trust and security within the
framework. Though some research has applied the TPB to predict other
e-commerce behaviours, little research has explored online acutions like
this before. Also, this research will include two additional factors of
interest which have not been applied previously around predicting on
line auction usage with the TPB; namely Generation Y individuals who
are one of the most online engaged groups and gender. Both groups are
seen as important factors to better understand online auction usuage on
platoforms such as eBay. Despite the potential impact of generation and
gender on decision making, this has not been intergrated into a TPB
study as it outlined within study – further supporting the value and
contribution of the research outlined in this paper.
To conclude, this research aims to provide better understanding of
male and female descion making around using online acutions like eBay
at a time when more and more indiviuals are engaging with such ser
vices. From an academic point of view this helps understand possible
differences in the psychological and behaviour process around online
auctions by gender and age demographics. Also, for companines who
benefit from knowing what impacts on the decisions of their users,
especially around gender and the Gen Y population, this research will
inform their marketing and commercial strategies.
2. Background literature
The customer-to-customer (C2C) online auction is a form of e-com
merce that has become increasing popular over recent years
(McLaughlin et al., 2017). This popularity has been due to several
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Conner and Armitage, 1998). Self-efficacy reflects the individual’s level
of internal control or ability, while perceived control indicates the in
dividual’s ability to overcome external obstacles or barriers (Terry &
O’Leary, 1995; Conner and Armitage, 1998). Previously, the utility of
the TPB model (Ajzen, 1991) has been successfully applied to under
standing customers’ online e-commerce transactions (Pavlou and
Fygenson, 2006; Huang et al., 2011; McLaughlin et al., 2017), internet
banking (Yousafzai et al., 2010), online gaming (Lee, 2009), business
start-up intentions (Kautonen et al., 2015), online safety behaviour
(Burns and Roberts, 2013) and general online auction usage
(McLaughlin et al., 2017). However, little research has applied TPB
(Ajzen, 1991) to predicting online auction engagement.

important factors such as users’ perceptions of its convenience (Verha
gen and Dolen, 2011; Majadi et al., 2018), competitive pricing (Zhou
et al., 2007) and ease of locating products and services (Weinberg and
Davis, 2005) among others. Interestingly, some users view the enjoy
ment and experience of the bidding process as another important
motivation (Rauniar et al., 2009). Irrespective of whether an individual
has a particular preference for an online auction site, like eBay, there is
no doubt that there is an increasing number of individuals joining
various online auction sites and that their behaviour requires further
investigation, especially around the motivations of individuals to engage
or not engage (McLaughlin et al., 2017). It is important to understand
that the changing motivations of these C2C online auction users are in
turn changing the traditional concept of the customer. More specifically,
the customer is no longer just buying a product but also selling a product
too (Clausen et al., 2010; McLaughlin et al., 2017). Thus, customers of
online C2C auctions can engage in both buying and selling transactions
at the same time and engage repeatedly. The changing nature of the C2C
customer vis-a-vis online auctions, transmuting from traditional
customer to buyer–seller, has added to the need for further research
(Saputra et al., 2012).

2.3. Utility of the TPB
The utility of the TPB is recognised and acknowledged with potential
in many areas. Authors including Schlaegel (2015) have called for the
application of TPB to predict consumer’s use of online auctions par
ticulary in light of inconsistencies in past evidence; especially regarding
which drivers explain individual engagement. For example, Pavlou and
Fygenson (2006) and Huang et al. (2011) in their research concluded
that participant’s attitudes towards online purchasing and PBC had a
significant impact on predicting e-commerce intentions. Furthermore,
both intentions to purchase and PBC significantly predicted e-commerce
behaviours. However, SN failed to have a significant impact. However,
the role of SN has not been shown to be as consistent a driver of con
sumer engagement with online auction, although alternative theoretical
models have indicated the significance of SN as a driver (Pahnil, Siponen
and Zheng, 2011; McLaughlin et al., 2017). Interestingly, they extended
the TPB model (Pavlou and Fygenson, 2006) to include both self-efficacy
and controllability as underlying factors of PBC, rather than intentions
or behaviour (Conner and Armitage, 1998; McLaughlin et al., 2017).
Overall, the findings of these studies indicate the important role of at
titudes and PBC as drivers of online auction transactions among con
sumers. In fact this was further supported by Pavlou and Fygenson
(2006) who concluded that TPB (Ajzen, 1991) should be utilised in
future e-commerce research.
Previous applications of the TPB have supported its utility to aid in
our understanding of consumers’ e-commerce usage specifically the
traditional model of the TPB has been applied and the key components
of attitudes, SN, PBC, intention and behaviour. However, other authors
such as Chandra (2015) have recommended that the application of the
TPB should be extended further to include additional drivers in order to
capitalise more fully on its explanatory powers. Furthermore, the author
endorses the benefits of further extending the TPB so ‘to predict a great
range of behaviours across different populations’, (p. 142). Ajzen
(2015), the founding father of the model, accepts that the model itself
does not fully explain all variations of behaviour, regarding such factors
as gender. He himself contends that its wider application and inclusion
of additional drivers will only help to further its usefulness.
The current study therefore has employed an extended TPB model
with the inclusion of additional drivers. This paper addresses by call by
authors such as Pavlou and Fygenson (2006), Drake et al. (2012),
Mohamed et al. (2014) and Hou and Elliott (2016), regarding the nu
ances of online auction sites, the changing consumer behaviour from
traditional and, more typical, online retail environments to auctions and
the growth in buying/selling behaviour by personal consumers, which
now requires the investigation as outlined in this study. We can no
longer assume that the influences on consumer behaviour of trust, se
curity and gender, for example, and the resultant impact on behaviours
and intentions are fully understood – the landscape has changed in terms
of retail and online auction sites which requires investigation of these
issues in a contemporary setting. In fact, as is argued by Peighambari
et al. (2016) with technology, the economy and society evolving con
sumer behaviour needs and the influences on this need to be continually
explored and examined.

2.1. Motivations of online auction use
Schlaegel (2015) specifically supports the application of theoretical
frameworks such as Ajzen’s (1991) Theory of Planned Behaviour when
examining factors influencing consumers’ use of online auction mar
ketplaces. In fact, Wells (2014) and McLaughlin et al. (2017) have both
echoed this call for future behavioural research to employ conceptual
framework models. Similarly, Hou and Elliott (2016) suggest that, since
online auctions have specific nuances in comparison to online shopping
generally. These nuances relate to the often-large number of buyers for
only one item in an auction setting, with pricing often set by a bidding
process. It is therefore reasonable to assume that online auction partic
ipants’ behaviour and influences may be very different from other online
shoppers (Hou and Elliott, 2010). Owing to the economic importance of
online auctions, there is a need to understand why shoppers or sellers
engage with such online platforms (Schlaegel, 2015). Key drivers such as
attitudes, subjective-norm (social influence) and control have all been
suggested as having an important role to play regarding online trans
action behaviour, but it has also been recognised that further research in
this area is needed (Drake et al., 2012). Other competing models, such as
Multi-Attribute Decision-Making (MADM), have been applied to un
derstand consumer decision making, though from a consumer product or
brand choice perspective (Ajzen, 2015). Since these models focus more
on consumer choice, they fail to take into consideration the underlying
key drivers or motivations to purchase (Ajzen, 2015).
2.2. The Theory of Planned Behaviour (TPB)
Decisions or behavioural intentions are central to the TPB model
reflecting as it does the motivations necessary to engage with a behav
iour: thus the stronger one’s decisions, the more likely an individual is to
engage with that behaviour (Ajzen, 1991). The three main determinants
of intentions in the TBB model are as follows:
� attitudes – these measure individual’s positive or negative feelings
towards the behaviour
� the subjective-norm (SN) – this reflects the level of perceived social
pressure to engage with the behaviour
� the perceived behavioural control (PBC) – this examines the in
dividual’s difficulty or ease with carrying out the behaviour.
PBC is the only one of the three determinants to influence behaviour
indirectly (through intention) as well as directly (Ajzen, 1991). Research
evidence suggests that the PBC construct is indicated by two distinct
factors – self-efficacy and perceived control (Terry & O’Leary, 1995;
2
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2.4. Trust, security and TPB

within the TPB.
Hou and Elliott (2010) suggest that females engage with more online
auctions and participate more actively (buying items) than their male
counterparts. Generally, it is suggested that, online, females tend to be
more risk aware (Garbarino and Strahilevitz, 2004). By contrast, Black
(2007) found no significant gender differences in risk awareness,
regardless if they were eBay. Hou and Elliott (2016) conclude that
gender has no impact upon trust in online bidding activity even if it does
impact in terms of types of product purchased. Other findings have
indicated that females are more favourable in their attitudes towards
eBay (Riedl et al., 2010). Yet another divergent perspective has been
opened up by Vicente (2015), who proposes that females, regardless of
other demographic characteristics such as age, education and profes
sional status, are less likely to engage in online auction shopping in
comparison to male counterparts. Furthermore, consumer de
mographics such as age are suggested to impact on online shopping
behaviour; a longitudinally perspective regarding theses divergences
over time could also be explained by the changing state of the economy
and consumer confidence.
The lack of consensus of opinion and divergent perspectives further
support the need for the current investigation and responds to calls for
detailed investigation of individual consumer differences (Zhou et al.,
2014; Meyers-Levy and Loken, 2015). Hasan (2010) suggested that in
vestigations of attitudes in online shopping generally are ‘scarce’ and
‘inconsistent’ and that therefore, in the context of gender, it ‘deserves
more attention and better understanding’ (p. 597).

The additional drivers of trust and security have also demonstrated
an impact on e-commerce transactions. Regarding customers’ trust in
online auctions, evidence suggests that the lower the perceptions of risk
the more likely the customer will engage with the online transaction
(Pavlou and Gefen, 2005; Zhou et al., 2007; Shareef et al., 2013; Hou
and Elliott, 2016). However, further research is needed, more specif
ically regarding C2C online auctions (Leonard, 2012; McLaughlin et al.,
2017), since most research has focused on the business-to-consumer
(B2C) service. Likewise, customers’ perception around storage of per
sonal information and security is also an important factor which may
impact on e-commerce transaction decisions (Abedelghaffer and Mous
tafa, 2013; Sanayei and Bahmani, 2012). In fact, Chandra (2015) pre
sented arguments that security and trust both influence e-auction
adoption. Hence, both these drivers will be included in the proposed
theoretical model. Using this extended TPB model would further un
derstanding of customers’ engagement with C2C online auctions and
provide enhanced knowledge of the theoretical underpinnings of online
auction use. This could have implications for the preferred marketing
strategy used by a service provider to gain a better understanding of
behavioural and social triggers (Black, 2007; Harris et al., 2009) of
customers.
2.5. Gender differences and online auctions
The issue of gender has long been recognised in consumer behaviour
as influencing consumer decisions, processes and choices, and is
generally considered ‘a significant predictor of consumer behaviour’
(Rodgers and Harris, 2003; Dittmar et al., 2004; Carpenter and Moore,
2006; Noble et al., 2009; Croson and Gneezy, 2009; Huang and Yang,
2010; Baker and Wakefield, 2012; Hou and Elliott, 2016). Gender has
been explored in the context of e-commerce, especially with regard to its
role in IT acceptance (Bae and Lee, 2011; Fan and Miao, 2012; Nirmala
and Dewi, 2011). It has also surfaced in studies investigating online
auctions: Hou and Elliott (2010) looked at online auction participation
and gender, and Korgaonkar et al. (2014) explored gender and product
preferences. Various studies have drawn multiple conclusions with re
gard to how males and females behave differently respecting online
shopping such as Ruane and Wallace (2013), Yeh et al. (2012), and
Sangran et al. (2009). Furthermore, Zhou et al. (2014) suggest that the
genders behave differently in terms of needs and decisions. For example,
preferences in terms of online services and satisfaction with their
perceived utility are clearly impacted upon by gender (Garbarino and
Strahilevitz, 2004). Key differences in terms of loyalty and trust have
also been attributed to gender (Morgan and Hunt, 1994). Moreover, Kim
et al. (2007) concluded that females are slower at making online pur
chase decisions due to their need for larger volumes of information than
their male counterparts. This may be due to the suggestion that females
are less trusting than their male peers and have higher levels of
perceived risk (Garbarino and Strahilevitz, 2004; Croson and Gneezy,
2009).
Interestingly, however, Lian and Yen (2014) conclude that gender
has no impact on e-commerce. Similarly Garbarino and Strahilevitz
(2004) argue that the issue is no longer about the numbers of males or
females that are engage with e-commerce but rather how they differ
using the service. Despite the flurry of activity, in the context of online
auctions, Hou and Elliott (2016) conclude that ‘little is known about
gender differences in online auctions’ (p. 123). Generally, online auction
behaviour is explained, according to Schlaegel (2015), by trust and
experience while ongoing behaviour is explained by risk and experience.
This would suggest that online auctions are more complex than other
typical online shopping environments. Schlaegel (2015) concluded –
though without considering the impact of gender – that perceived
behavioural controls and subjective norms impact upon consumer in
tentions within an online auction environment; these pillars are key

3. Gender differences and online auction motivations: applying
the TPB
Based on the previous literature, the following section of the paper
will focus on examining differences in online auction users’ attitudes,
SN, PBC, trust and security by their gender. In other words, the following
section will follow closely the outline of the TPB (Ajzen, 1991, 2015),
exploring each of its main constructs in turn in terms of gender differ
ences. Additionally, each of the sections will formulate hypotheses.
3.1. Gender differences in attitudes towards online auctions
Studies have shown that the increase in popularity of online auctions
has been due to several important factors such as users’ attitudes to
wards its convenience (Verhagen and Dolen, 2011), competitive pricing
(Zhou et al., 2007), and ease of locating products and services (Weinberg
and Davis, 2005), among others. As Ajzen (1991) suggests, the more
favourable the attitude towards a target behaviour, the greater the
likelihood of engagement with that behaviour. Interestingly, some users’
attitudes respecting the experience of the bidding process – in terms of
enjoyment and so forth – seem to be another important motivation (Hou
and Elliott, 2016). Furthermore, the limited research exploring gender
differences has led Hou and Elliott (2016) to suggest that little is known
about the impact of gender on online auction engagement. What
research has been conducted reports that female users have generally
more favourable attitudes towards engagement with online auctions
such as eBay (Riedl et al., 2010) and specifically towards the availability
of bargains, value of products, information about items, and enjoyment
of such (Hou and Elliott, 2016).
H1. Favourable attitudes towards online auctions will (a) significantly
predict greater intentions to engage with online auction sites, with (b) the
female sample reporting a stronger positive link between the variables.
3.2. Gender differences in SN regarding online auctions
According to Ajzen (1991), SN is the amount of pressure the indi
vidual feels either to engage or not engage with the intended behaviour.
Previous research has explored the importance of social motivations and
3
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3.4. Gender differences regarding intentions to use online auctions

its impact on customer decision making (Hou and Elliott, 2016; Li et al.,
2017). As Hou and Elliott (2016) suggest, the online shopping experi
ence can be enhanced by social pressures of other shoppers, friends and
family members. Thus, the customer shopping experience or can be
influenced by salient others, so the shopping process online may not be
an isolating experience (Li et al., 2017). For example, favourable expe
riences with others on the website can favourably impact on users’
perceptions of the website itself. In summary, the more favourable the
SN, the more likely the customer will engage with the online purchasing
process (Parsons, 2002; Rohm and Swaminathan, 2004). However, little
research exists regarding possible gender differences vis-a-vis the role of
SN. Some research suggests that females are more likely to be socially
active and less technically oriented than males (Swaminathan et al.,
1999; Black, 2007). In contrast to this, Hou and Elliott (2010) suggest
that females engage with more online auctions and participate more
actively (e.g. purchasing fixed priced offerings) than their male coun
terparts. Based on these findings, coupled with the need for further
research in this area, the following hypotheses are examined in the
current study:

Past research has often focused solely on understanding the role of
antecedents (attitudes, SN and PBC) of intentions (Huang et al., 2011)
rather than the influence of online auction usage intentions on in
dividuals’ online engagement. This does not take away from the need to
understand the role of key antecedents of online auction behaviour
(Schlaegel, 2015). However, applying the TPB can provide insights into
the role of key motivations and their impact not only but also the factors
that influence intentions to use online auctions and actual usage.
Research would suggest that males use online auction sites such as eBay
more than females (Hou and Elliott, 2016), but evidence is still lacking
around how motivations differ between males and females using online
auctions. While Ajzen (2015) acknowledges that the model does not
fully explain all variations in behaviour, including those based on
gender, applying this model to online auction usage may enrich our
insights in this area.
H7. Favourable intentions to engage with online auctions (a) will signifi
cantly predict greater use of online auction sites, with (b) the male sample
reporting a stronger positive link between the variables

H2. Favourable social influences will (a) significantly predict greater in
tentions to engage with online auction sites, with (b) the female sample
reporting a stronger positive link between the variables.

3.5. Gender difference in trust and security regarding online auction
engagement

3.3. Gender differences regarding PBC and online auctions

Key differences in terms of loyalty and trust have also been attributed
to gender (Morgan and Hunt, 1994). Moreover, Kim et al. (2007)
concluded that females are slower at making online purchase decisions
due to the need for larger volumes of information than their male
counterparts. This may be due to the suggestion that females are less
trustworthy than their male counterparts and have higher levels of
perceived risk (Garbarino and Strahilevitz, 2004; Croson and Gneezy,
2009). However, further research is needed, more specifically regarding
C2C online auctions (Leonard, 2012; McLaughlin et al., 2017), since
most research has focused on the B2C service. Likewise, customers’
perception around storage of personal information and security is also
an important factor, which may influence e-commerce transaction de
cisions (Sanayei and Bahmani, 2012; Abedelghaffer and Moustafa,
2013). In fact, Chandra (2015) presented arguments that security and
trust influence e-auction adoption. Since male and female customers’
perceptions of both security and trust are important drivers of online
transactions, both these drivers will be included in the proposed theo
retical model (see Fig. 1 for proposed theretical model with associated
hypotheses).

Past research has valued the role of PBC in predicting customer’s
decision making using online auctions (Huang et al., 2011). This sup
ports the notion that customers who feel more in control or confident
using online auctions are more likely to engage with them (Bosnjak
et al., 2006; Huang et al., 2011). However, consistent with the recom
mendations of Chen et al. (2007), this research aims to examine the role
of customers’ self-efficacy and capabilities using online auctions. As
mentioned earlier, research evidence suggests that the PBC construct is
indicated by two distinct factors, self-efficacy and perceived control
(Terry & O’Leary, 1995; Conner and Armitage, 1998). Self-efficacy re
flects the individual’s level of internal control or ability, while perceived
control indicates the individual’s ability to overcome external obstacles
or barriers (Terry & O’Leary, 1995; Conner and Armitage, 1998). Within
this research it is important to examine this conceptual distinction,
especially in relation to gender differences.
Interestingly, Shehryar (2008) reported that females were more
likely to be averse to taking risks regarding bidding and ‘time remaining’
in online auctions compared to males. In contrast, other research sug
gests that males’ approach to online auctions and e-commerce trans
actions is more planned (Yeh et al., 2012; Hou and Elliott, 2016),
confident (Stafford et al., 2004) and purchase oriented (Carroll, 2008;
Lai et al., 2008), while suggest, by contrast, that gender has little or no
influence on online auction behaviour. Despite this contradictory evi
dence, there is an argument for gender-informed research (Hasan, 2010;
Hou and Elliott, 2016) for marketing practice, segmentation and product
positioning. Therefore, as well as understanding gender differences’
impact on online auctions transactions, it is also important to under
stand the impact of key drivers on customer decision-making (Hou and
Elliott, 2016).

H8. Favourable ratings of (a) trust and (b) security towards online auc
tions will significantly predict greater intentions of use online auction sites
H9. Favourable ratings of (a) trust towards online auctions will signifi
cantly predict greater online auction sites usage, with (b) the male sample
reporting a stronger positive link between the variable
H10. Favourable ratings of (a) security towards online auctions will
significantly predict greater online auction sites usage, with (b) the male
sample reporting a stronger positive link between the variables
3.6. Importance of generation Y as a sample group

H3. Higher levels of (a) self-efficacy and (b) perceived control will signif
icantly predict more favourable intentions to use online auctions

Generation Y (Gen Y) was chosen as the focus for the present study
because this particular group of consumers – usually defined as those
born between 1980 and 1995 – are most likely to be ‘digital natives’ and
therefore more predisposed to online auction activity (Bolton et al.,
2013; Lyons, 2016). In fact, Noble et al. (2009) indicate that, as a cohort,
Gen Y is highly influential within the market, accounting for 13.8
million people in the UK alone, yet little is understood about their mo
tivations as consumers (Noble et al., 2009; Lyons, 2016)Fig. 1. Prensky
(2001) argued that Gen Y users are perceived as having an ‘innate
confidence in using new technologies such as the internet’ and ‘all the

H4. Higher levels of (a) self-efficacy and (b) perceived control will signif
icantly predict greater use of online auction sites
H5. Male sample self-efficacy will have a stronger positive link with using
online auction sites compared to the female sample
H6. Male sample perceived control will have a stronger positive link with
using online auction sites compared to the female sample

4
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other toys and tools of the digital age’ (p. 1). Selwyn (2009) even goes so
far as to say that these individuals perceive technology as crucial to their
existence.) Furthermore, they are a largely segmented audience who are
more difficult to reach through traditional marketing interventions
(Wallop, 2014; Isaac, 2016). This makes them fertile ground for research
in terms of likelihood and propensity to engage with online auctions.
Importantly, Gen Y represents the future for this shopping model: Par
ment (2013) argues that ‘generational cohorts’ have relatively stable
values throughout their lifetime, and we therefore need a greater depth
of understanding in relation to Gen Y’s decision-making processes.

more females (82.2%; n ¼ 157) than males (80.1%; n ¼ 121) used the
service to sell items. Analysis was conducted in two phases.
In the first phase the multi-item TPB constructs assessed their factor
structure and internal consistency. At this point the data was split
randomly into two files. An Exploratory Factor Analysis (EFA) was
carried out using the intention, attitudes and PBC constructs with
associated Cronbach Alpha Coefficients. With the second phase a
Confirmatory Factor Analysis (CFA) was carried out to confirm the
factor structure based on the EFA results. Furthermore, a Pearson’s
Correlation Coefficient matrix was generated to examine the strength of
associations between each of the TPB constructs. At the second phase
descriptive and inferential statistics (t-test), along with path analysis
models, were conducted for the male and female samples and compared
in a multi-group analysis.
The evaluation of the path model fit followed the guidelines sug
gested by Hoyle and Panter (1995) and Miles and Shevlin (2007). The
Chi-Square, Chi-Square/DF Ratio, the Normed Fit Index (NFI), Relative
Fit Index (RFI), Incremental Fit Index (IFI), Tucker Lewis Index (TLI) and
the Comparative Fit Index (CFI) were used to assess the adequacy of
model fit. The Chi-Square statistic indicates an acceptable fit if the
associated probability value is greater than the chosen level of alpha
(0.05), the Chi-Square/DF Ratio should be less than 3, and the other
indices should be greater than 0.90 (Miles and Shevlin, 2007; Kline,
2016). The Root Mean Error of Approximation (RMSEA: Steiger, 1990)
was used to assess the fit of the models. An RMSEA value of 0.08 or
below indicates satisfactory fit between the specified model and the
sample data (Kline, 2016). However, regarding the CFA, Hu and Bentler
(1999) and Schreiber et al. (2006) recommended the Chi-Square,
Chi-Square/DF Ratio, TLI, CFI and RMSEA as appropriate fit indices.
Additionally, they recommend the Standardised Root Mean Residual
(SRMR). Values under 0.08 indicate a satisfactory fit (Hu and Bentler,
1999).

4. Method
4.1. Survey measures
The survey was designed to measure the extended TPB model
(Armitage and Conner, 2001), and each of the predictors of attitude, SN,
perceived control and self-efficacy was reflective of participants’
perceived intention to use the eBay online auction service. All items
were rated on a seven-point scale, with higher scores representing more
online auction service use, more favourable attitudes, more positive
social influence (SN), and more personal control (perceived Control) and
ability (self-efficacy) with respect to using the eBay service.
TPB Measures. Intention was measured by three item statements
which required participants to rate the likelihood of using the eBay
service within the month – for example, ‘How likely are you to use eBay …
?’ Attitudes towards eBay measured participants’ favourable or unfav
ourable perceptions through six differential scale items: practical/
impractical, complicated/uncomplicated, appealing/unappealing, good
idea/bad idea, valuable/worthless, and easy/difficult. Subjective norm
(SN) measured the importance of ‘significant others’ in endorsing eBay.
Participants were asked to evaluate a single item statement: ‘Most people
who I know think that using eBay … is a good idea.’ Perceived Behavioural
Control (PBC) was measured by nine items of which an example was ‘I
would find using eBay as pretty straight forward when selling or buying an
item’. Finally, behaviour measured participants’ frequency of engaging
with eBay through one item which was rated on an eight-point scale
ranging from ‘not at all’ to ‘daily’.
Trust and Security. Trust and Security items were employed to further
extend the TPB model. A single item to measure trust was employed: ‘I
don’t trust a service like eBay when purchasing or selling an item.’ Likewise,
perceptions of security were measured by a single item: ‘Providing per
sonal information would discourage me from using eBay to buy or sell an
item.’

5. Results
5.1. Exploratory factor analysis
Three separate exploratory factor analysis (EFA) using Principle Axis
Factoring with Direct Oblimin was employed; and only multiple item
constructs of the TPB (Ajzen, 1991; 2015) were included. Factors with
Eigenvalues over 1 were reported for each of the EFA’s.
Intentions toward engaging with online auctions. Analysis reported a
one-factor solution and accounted for 79.75% of variance explained (see
Table 1). All three items had favourable factor loads (Field, 2009) and
yielded a favourable level (Kline, 2000) of internal consistency (α ¼
0.87).
Attitudes towards online auctions. One factor emerged and accoun
ted for 63.36% of variance explained. Results indicated that five of the
six items tested all reported loading above the 0.4 level (Field, 2009) and
only one failing to reach the desired level (see Table 2). Thus, attitudes
towards engaging with online auctions fell into one factor with a

4.2. Sample, procedure and analysis
The target audience for this study was Generation Y (Gen Y; born
1980–95). The survey was administered to a convenience sample of
participants at a series of professional events taking place in Northern
Ireland and the Republic of Ireland, set up to provide information to
individuals seeking information on additional study opportunities.
Convenience sampling is often used in online shopping studies and is
widely acknowledged as a viable and suitable technique (Ramayah and
Ignatius, 2005; Liao et al., 1999; Lu et al., 2011; Mohamed et al., 2014).
The all-Ireland context of the survey was chosen to increase the
robustness of the findings and the similarities across both Northern
Ireland and Republic of Ireland consumers justifies this further (Kauto
nen et al., 2013). The researchers sought approval from the organisers to
administer the questionnaires.
All participants received an instructional sheet demonstrating how to
complete the survey. There were one hundred and fifty-four males (n ¼
154) and one hundred and ninety-two females (n ¼ 192) who completed
the survey. The average age for males was 34.94 (SD ¼ 7.21) and 34.19
(SD ¼ 6.40) for females. Both males (41.1%; n ¼ 69) and females
(41.1%; n ¼ 79) used the online auction platform to buy things. Slightly

Table 1
Intention item loadings with associated alpha.

Item
1
Item
2
Item
3

Statements: Intentions

Factor
Loading

I intend to use eBay when I want to sell/purchase an item in
the next month
I intend to use eBay when I want to purchase/sell an item in
the next month.
How likely is it that you will use eBay to buy/sell a product
within the next month?

.90

Eigenvalues
Percentage of variance explained

2.39
79.57
.87

α
5

.89
.71
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satisfactory (Kline, 2000) associated internal consistency (α ¼ 0.91).
PBC and online auction engagement. Regarding PBC, a two factor
solution emerged which accounted 59.80% of variance (see Table 3).
Analysis suggests that control perceptions around online auction sites
fall into two distant factors. The first factor had four items and reflected
confidence in an individual’s or internal ability to engage with online
auctions. This factor indicated self-efficacy. While, factor 2 was con
tained five items and indicted more perceived facilitators or barriers
around engaging with online auction sites. Thus, this factor indicated
perceived control. Overall, both self-efficacy (α ¼ 0.85) and perceived
control (α ¼ 0.77) were reported to have favourable internal consistency
(Kline, 2000). Overall, the findings of this analysis supports these factors
as separated rotated variables rather than one variable for PBC.

Table 3
Self-efficacy (1) and perceived control (2) item loadings with associated alphas.
Statements: PBC

(1)
Item
1
Item
2
Item
3
Item
4
Item
5

5.2. Confirmatory Factor Analysis

Item
6

The second step of the analysis examine the validity of the TPB
components (intention, attitudes, SN, SE and PC). Confirmatory Factor
Analysis (CFA) estimated the model fit of the proposed model. Results
are presented in Fig. 2. Overall, the chi-square and the RMSEA suggest
that the data describes the model adequately well (X2 (184) ¼ 287.21, df
¼ 113, p ¼ .000, X2/df ¼ 2.54, RMSEA ¼ 0.09, TFI ¼ 0.87, CFI ¼ 0.91,
SRMR ¼ 0.07). All of the standardised loadings were significant and
ranged from moderate to strong (Miles and Shevlin, 2007; Kline, 2016).

Item
7
Item
8
Item
9

5.3. Correlations
Zero-order correlations are presented in Table 4, and it is clear the
strongest significant relationships with intentions to use the online
auction site were with attitudes (r ¼ 0.73, p < .001), self-efficacy (r ¼
0.57, p < .001), security (r ¼ 0.46, p < .001) and trust (r ¼ 0.45, p <
.001). Moderate to weaker significant relationships with intentions were
reported perceived control (r ¼ 0.31, p < .001) and SN (r ¼ 0.31, p <
.05). Lastly, behaviour was significantly related moderately-strongly
with intention (r ¼ 0.58, p < .001), attitude (r ¼ 0.50, p < .001), selfefficacy (r ¼ 0.51, p < .001), trust (r ¼ 0.38, p < .001), security (r ¼
0.38, p < .001) and perceived control (r ¼ 0.29, p < .001) while SN (r ¼
0.20, p < .001) was significantly, yet weakly, related. Interestingly, the
relationship between trust and security was significant but weak (r ¼
.29, p < .001) suggesting construct independence. Since all the TPB
independent variables were significantly related with the criterion
variables this would support further exploration with path analysis.

Factor Loading

Good idea/Bad idea
Appealing/Unappealing
Valuable/Worthless
Practical/Impractical
Easy/Difficult
Complicated/Uncomplicated

.92
.86
.81
.80
.72
–

Eigenvalues
Percentage of variance explained

3.80
63.36
.91

α

Eigenvalues
Percentage of variance
Percentage of variance explained

3.63
40.38
59.80
.85

(2)

.80
.74
.67
.62
.61
.60
.59
.53

1.75
19.42
.77

5.5. Estimation of the extended TPB model
Path analysis tested the extended TPB model for both males (Fig. 3)
and females (Fig. 4) and the overall fit of the models (see Table 6)
suggested a good explanation of the relationships within the data (Male:
X2 (154) ¼ 0.61, df ¼ 2, p ¼ .738, X2/df ¼ 0.30, RMSEA ¼ 0.00; Female:
X2 (192) ¼ 0.88, df ¼ 2, p ¼ .646, X2/df ¼ 0.44, RMSEA ¼ 0.00). All chisquare values with associated degrees of freedom were low and nonsignificant and all values associated with the X2/df ratio were less
than 3 (Kline, 2016); and the RMSEA was less than 0.05 (Browne and
Cudeck, 1993; Hu and Bentler, 1999). Incremental fit indices were
employed to evaluate the model fit (Hoyle and Panter, 1995; Hu and
Bentler, 1999; Miles and Shevlin, 2007; Kline, 2016) to both data
groups. The values indicated that the NFI (Male ¼ 0.99; Female ¼ 0.99),
RFI (Male ¼ 0.98; Female ¼ 0.98), CFI (Male ¼ 1.00; Female ¼ 1.00), and
IFI (Male ¼ 1.00; Female ¼ 1.00), TLI (Male ¼ 1.00; Female ¼ 1.00) were
all greater than the 0.95 cut off point; both tested models provided a

Table 2
Attitude item loadings with associated alpha.
Statements: Attitudes

.81

suggests that there was a significant difference between female and male
samples in relation to latent means and regression paths within the TPB
model tested. This justifies the treatment of the female and male groups
as separate samples when testing the extended TPB model.
Descriptive statistics (see Table 5) trends for intentions (Male: M ¼
13.93, SD ¼ 5.58; Female: M ¼ 14.68, SD ¼ 5.68), attitudes (Male: M ¼
18.35, SD ¼ 7.63; Female: M ¼ 18.70, SD ¼ 7.90), self-efficacy (Male: M
¼ 15.70, SD ¼ 7.34; Female: M ¼ 15.98, SD ¼ 7.81) and perceived
control (Male: M ¼ 21.13, SD ¼ 7.70; Female: M ¼ 19.90, SD ¼ 7.75) to
using eBay to sell or buy were all moderately favourable for both gen
ders; though SN (Male: M ¼ 2.81, SD ¼ 1.38; Female: M ¼ 2.92, SD ¼
1.56) was reported to be less than favourable. Frequency of behaviour
using eBay was very favourable (Male: M ¼ 6.79, SD ¼ 1.34; Female: M
¼ 6.71, SD ¼ 1.47) overall. Interestingly, trust (Male: M ¼ 3.85, SD ¼
2.05; Female: M ¼ 3.31, SD ¼ 1.97) and security (Male: M ¼ 3.07, SD ¼
1.82; Female: M ¼ 3.02, SD ¼ 1.76) perceptions using eBay were less
than favourable, moreover, significantly less favourable in relation to
trust (t (340) ¼ 2.49, p ¼ .013).

In order to test the equivalence of the extended TPB model for the
female and male groups within the overall sample, a multi-group anal
ysis was conducted. A comparison between the no restrictions model
(extended TPB model tested simultaneously on both groups with latent
means and regression paths varying freely) and the fully restricted model
(latent means and regression paths restricted to be equal across gender
groups) indicated a significant difference, χ 2 (13) ¼ 26.66, p < .05. This

1
2
3
4
5
6

I would find using eBay as pretty straight forward when
selling or buying an item
I would feel very confident within the next month to buy
or sell an item on eBay
I know I would have the ability to use eBay within the
next month to sell or purchase a product
I feel that I would encounter very few problems using
eBay to sell or buy an item to buy or sell an item
In general I feel that I don’t have enough of capacity
either selling or purchasing of an item on eBay if I were
to use it within the next month
In general it would be difficult for me to be able to send
items, which I sold on eBay if I were to use it in the next
month
In general it would be difficult for me to be able to
receive bought items from eBay if I were to use it in the
next month
I feel using eBay in the next month to sell or buy an item
would take too much time
I feel that I have no control over the selling or
purchasing of an item on eBay if I were to use it within
the next month

α

5.4. Gender differences and path models

Item
Item
Item
Item
Item
Item

Factor
Loading

6
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Fig. 1. Proposed model to be tested with associated hypotheses.

good approximation and explanation of the data (Miles and Shevlin,
2007; Kline, 2016).
Figs. 3 and 4, along with Table 6, illustrate the predictor variable
influences on intentions and behaviours for both male and female
models. Regards to males, attitudes (ß ¼ 0.48; p < .001) and self-efficacy
(ß ¼ 0.24, p < .01) had significant influences on intentions, with attitude
s being the strongest predictor of intentions to use eBay. However, SN (ß
¼ 0.08, p > .05), perceived control (ß ¼ 0.02, p > .05), trust (ß ¼ 0.14,
p < .05) and security (ß ¼ 0.09, p > .05) failed to have a significant
influence on intentions. These factors accounted for 59% (R2 ¼ 0.59) of
variance in intentions to use eBay. Female intentions to use eBay were
significantly predicted mostly by attitudes (ß ¼ 0.58; p < .001) and trust
(ß ¼ 0.18, p < .05). SN (ß ¼ 0.02, p > .05), self-efficacy (ß ¼ 0.00, p >
.05), perceived control (ß ¼ 0.02, p > .05) and security (ß ¼ 0.11, p >
.05) were not reported to be significant. These factors accounted for 56%
(R2 ¼ 0.56) of the variance explained in intentions. Since there was more
variance explained of male intentions compared to females, the model
for males had more explanatory power.
With regards to predicting behaviour within males, intentions (ß ¼
0.38, p < .001) had the strongest significant influence on behaviour,
followed by self-efficacy (ß ¼ 0.28, p < .001) and perceived control (ß ¼
0.19, p < .05). Trust (ß ¼ 0.03, p > .05) and security (ß ¼ 0.03, p >
.05) failed to have a significant influence on behaviour; however, the
factors within the model account for 62% (R2 ¼ 0.46) of the variance
explained. In contrast, several factors significantly predicted behaviour
within the model for females, this included intentions (ß ¼ 0.39, p <
.001), self-efficacy (ß ¼ 0.24, p < .01) and security (ß ¼ 0.13, p < .05).
Perceived control (ß ¼ 0.15, p > .05) and trust (ß ¼ 0.14, p > .05) failed
to research statistical significance. These factors accounted for 43% (R2
¼ 0.43) of the variance on behaviour.
The table below (see Table 7) provides a description of whether each
hypothesis was supported, partially support or not support based on the
research findings.

6. Discussion
The central aim of this research was to further understand the gap
between Gen Y males and Gen Y females in their perceptions, attitudes
and behaviours regarding usage of online auction sites such as eBay
(Black, 2005, 2007; Lai et al., 2008; Wang and Zhang, 2012), using an
extended (Conner and Armitage, 1998; Chen et al., 2007) TPB model
(Ajzen, 1991). Overall, the findings supported the use of the extended
TPB model, as they provided a parsimonious explanation of the data for
both gender groups (Hoyle and Panter, 1995; Miles and Shevlin, 2007),
thus supporting the utility of TPB in explaining and predicting eBay
engagement intentions and online auction usage, similar to other online
behaviours (Lee, 2009; Yousafzai et al., 2010; Burns and Roberts, 2013).
Below, hypotheses surrounding the extended TPB are discussed against
current research findings.
6.1. Predicting online auction intentions and engagement
Consistent with what had been hypothesised (H1), attitudes towards
eBay had the strongest influence on transaction intentions for both
males and females, suggesting that more positive attitudes towards the
service would predict a greater likelihood of the intention to engage
with online auctions. Interestingly, this attitudinal driver was more
influential in predicting female intentions than male intentions, thus,
supporting the present authors’ hypothesis (H1b) and past research
(Pavlou and Fygenson, 2006; Lai et al., 2008; Huang et al., 2011; Riedl
et al., 2010; Wang and Zhang, 2012; Zhou et al., 2014; Hou and Elliott,
2016). Previously, females have been reported as attaching more
importance to the enjoyment of the experience, the availability of bar
gains, and the value of the experience than males engaging with eBay,
and the present findings would support this. However, these findings
would seem to contradict those of Nadeem et al. (2015), who proposed
that the gender gap is ‘diminishing’ regarding online presence, although
this was in the context of social media engagement. Furthermore, it
contradicts the position, proposed by Vicente (2015), that females are
7
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Fig. 2. CFA model employing TPB items.
Table 4
Correlations between selected TPB variables.
Variables

1

2

3

4

5

6

7

8

1. Intentions
2. Attitude
3. SN
4. Self-Efficacy
5. Perceived Control
6. Trust
7. Security
8. Online Auction Use

–
.73**
.31**
.57**
.31**
.45**
.46**
.58**

–
.39**
.64**
.30**
.41**
.50**
.50**

–
.38**
.01
.16**
.44**
.20**

–
.39**
.44**
.50**
.51**

–
.51**
.21**
.29**

–
.29**
.38**

–
.38**

–

8
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decisions and usage of eBay, with only perceived control influencing
their usage of such online auctions. Basically, males are more involved
with planning (Yeh et al., 2012; Hou and Elliott, 2016) and are more
confident (Stafford et al., 2004), which positively impacts their online
auction engagements. Browsing, buying or selling items on eBay for
males is not dependent solely on positive decisions, but also on their
being more efficacious (Pavlou and Fygenson, 2006; Huang et al., 2011)
and perceiving fewer barriers (Pavlou and Fygenson, 2006).
Although self-efficacy (H5) and perceived control (H6) had some
impact on auction usage within the male sample, it was intentions that
was reported to have the strongest influence on online auction usage
(H7a), for both males and females, which is consistent with previous
findings. That is, individuals’ intentions about using eBay was the best
indicator or their usage, which supports other findings (Pavlou and
Fygenson, 2006; Huang et al., 2011). However, female sample in
tentions were reported to have a stronger influence on their usage of
eBay than the male sample (H7b), though only slightly. Previously, TPB
has often been applied to measure antecedents of intentions, and not
behaviour (Yen and Lu, 2008), so these findings provide valuable in
formation for understanding the drivers of online auction engagement
(Ajzen, 2015).

Table 5
Descriptive statistics, t-values and associated significance scores.
Male

Female

Variables

M

SD

M

SD

t

p

Intention
Attitude
SN
Self-efficacy
Perceived control
Online Auction Use
Trust
Security

13.93
18.35
2.81
15.70
21.13
6.79
3.85
3.07

5.58
7.63
1.38
7.34
7.70
1.34
2.05
1.82

14.68
18.70
2.92
15.98
19.90
6.71
3.31
3.02

5.68
7.90
1.56
7.81
7.75
1.47
1.97
1.76

1.22
-.41
-.70
-.35
1.45
.50
2.49
1.14

.225
.684
.487
.729
.148
.614
.013
.255

Note: * Sig at 0.05 level.

less inclined to engage with online auctions than males. In contrast, SN
failed to have a significant influence (H2a,b) in either of the two tested
models, suggesting that the role of positive or negative social pressure
proved consistent with previous findings (Huang et al., 2011) for both
the males or females in the sample. This is in contrast to previous studies
that reported that social influences have an impact on online auction
intentions (Pavlou and Fygenson, 2006; Pahnila et al., 2011).
Interestingly, the results indicated that the role of self-efficacy and
perceived control predicting auction engagement intentions did not
fully support the stated hypotheses (H3b and H4a), rather both factors
had an impact on intentions, but only for males (H3a and H4b). Like
wise, consistent with the stated hypothesis, it was only within the male
sample that self-efficacy (H5) and perceived control (H6) had any sig
nificant role in predicting online auction usage. These findings have
support in findings previously proposed by Swaminathan et al. (1999),
Black (2007) and Huang et al. (2011), suggesting that abilities, and
confidence, do have a role to play in driving online engagement. More
explicitly, it suggests that male self-efficacy has a dual role in informing

6.2. The role of trust and security perceptions
Importantly, the research explored the role of both trust and security
perceptions of consumers within the model. What was reported indi
cated that trust did have a significant influence on consumers’ intentions
to use online auctions (8a) but not online auction usage (9a), although
only in regards to females and not males (9b) as hypothesised. Similarly,
security failed to have a significant influence on online auctions usage
intention (8b) but had a significant influence directly on online auction
usage (10a), and once again only for females and not males (10b). What

Fig. 3. Path diagram of extended TPB model for males.
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Fig. 4. Path diagram of extended TPB model for females.

single items to measure key constructs (Doorn et al., 2010; Leisen
Pollack and Alexandrov, 2013). Findings suggested that both constructs
are not only distinct but also have two distinct roles regarding con
sumers using online auctions; trust impacting at a decision making level
while security at a behavioural. Though, more research would need to
conducted, what it does support is that females may be more likely to
evaluate the risk of using online auctions than males (Garbarino and
Strahilevitz, 2004; Croson and Gneezy, 2009).

Table 6
Fit and statistics and path coefficients for both male and female models.
Male

Path
Attitude
SN
Self-efficacy
Perceived
control
Trust
Security
Intention
Self-efficacy
Perceived
control
Trust
Security
X2
Df
X2/df
P
RMSEA
CFI
IFI
TLI
RFI
NFI

R2
→
→
→
→

Intention
Intention
Intention
Intention

→
→
→
→
→

Intention
Intention
Behaviour
Behaviour
Behaviour

→
→

Behaviour
Behaviour

.59

.46

Female
β

p

.48
-.08
.24
.02

.000
.211
.001
.843

.14
.09
.38
.28
.19

.095
.200
.000
.000
.040

-.03
-.03
.61
2
.30
.738
.00
1.00
1.00
1.00
.98
.99

.742
.692

R2

.56

.43

.88
2
.44
.646
.05
1.00
1.00
1.00
.98
.99

β

p

.58
.02
.00
.02

.000
.566
.708
.902

.18
.11
.39
.24
-.15

.007
.080
.000
.002
.050

.14
.13

.068
.048

7. Implications, future research directions and conclusions
There are several theoretical and practical implications that can be
drawn from this research. Current research findings indicate that
application of models such as TPB provide an opportunity for an inte
grated exploration of eBay engagement decisions and usage, thereby
further advancing our understanding of online auction behaviours.
Importantly, this study demonstrates the relevance and explanatory
power of TPB in different contexts and answers the call by Hou and
Elliott (2016) to examine established theories, like TPB, in terms of their
relevance and utility regarding online auction sites. Furthermore, in the
past, males were reported to be less apprehensive of e-business behav
iours compared to females (Stafford et al., 2004), and relatedly, the
current findings lend insight into the role of abilities and confidence
which could underlie this female apprehension around online
behaviours.
The current study also supports recent findings that suggested atti
tudes are more important in prediction of females’ intentions (Riedl
et al., 2010), suggesting that more positive attitudes held by females will
in turn be more likely to impact on their online transaction intentions
than in male cases. Although Riedl et al. (2010) applied experimental
neuropsychological techniques, the current study findings complement
their findings, thus strengthening the value of attitudes as an antecedent
of online transaction decisions.
It was quite surprising to find that social pressures failed to influence
individuals’ decisions, as it has been widely thought that social pressures

the evidence suggests is that both trust and security play some role in
predicting consumers engagement with online auctions and by doing so
supports past findings (Garbarino and Strahilevitz, 2004; Croson and
Gneezy, 2009; Shareef et al., 2013). However, what the research does
identify is the role that trust and security play in how female consumers
engage with online auctions. Evidence suggests that trust impacts on the
decision making processing around online auctions whilst perceptions of
security influence actual usage. Even though single items were
employed within this research to measure both trust and security. Pre
vious research does support the performance and adequacy of using
10
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considered such as online platform, gender, perceptions and intentions
which mean that we are increasingly moving, with future research, to
exploring bespoke behaviour models that are sympathetic to these
variables. Future research can build upon the findings of this exploratory
work by expanding, examining and evaluating existing consumer
behaviour models such as ‘Rational Economic Man’ (Zinkhan, 1992), the
‘Psychodynamic’ tradition as developed by Freud originally
(1856–1939) or the Stimulus-Organism-Response Model of Decision
Making, (Foxall, 1993; Cziko, 2000). This study can essentially act as a
foundation and catalyst for further exploration in future research.
The findings from this research inform managers decisions and
choices around promoting auction platforms, security, trustworthiness
and how to encourage different gender segments to engage and commit
to the online auction channel for both buying and selling. This is critical
as Hughes et al. (2018) argued that we need to develop knowledge,
which is more specific and relevant by “consideration of the different
contexts in which aspects of marketing are practices” (p. 9). This informs
directly the messages involved in advertising – what the key variables
should be to ensure that consumers are comfortable and engage with the
online auction platform regularly to deliver economic and profit benefit.
As organisations are increasingly trying to develop consumer based
strategies intelligence, through the findings delivered through the cur
rent study, are critical so that the retailer/provider, and in this case the
auction platforms, can provide additional value to consumers which
directly influences their behaviours and choices, (Seybold, 2001; Ham
ilton and Price, 2019). This intelligence around consumer behaviour
specifically allows existing incumbents in online auction platforms such
as eBay to develop a competitive advantage in the market by creating
more informed and sustained relationships with customers to establish
loyalty based on intentions and behaviours. Finally this study practically
informs segmented targeting and positioning in marketing and com
munications using the role of gender to deliver greater persuasion and
impact on target consumer groups.
Owing to differences in how both groups perceive, and respond to,
trust and security, consumer strategies to facilitate consumer engage
ment can be more carefully tailored to inform males and females vis�-vis these issues differently. Previous attempts to reassure customers in
a
these areas may have been ineffective due to the lack of understanding
of the influencing role of gender. In fact, personal communications such
as recommendations and word of mouth are likely to significantly in
fluence consumers more in this environment due to the risk concerns.
Establishing and maintaining a strong social media presence may be able
to facilitate this electronic reassurance.
Overall, the current study has clearly demonstrated the utility of the
TPB in understanding and improving engagement with online auction
sites. Future market research could use approaches such as the TPB
while extending the model using other drivers and applying within
diverse shopping ecosystems and locations. Additionally, further multigroup analysis could explore possible differences between buyer, seller
and buyer–seller groups (Foster and Tang, 2006), as little research has
been conducted in this area. Lastly, other external factors should be
examined regarding non-conventional shopping practices such as eBay
and other online auctions, as they could also drive decisions and
behaviours.

Table 7
Research hypotheses.
Hypotheses

Hypothesis description

Findings

1a

Favourable attitudes towards online auctions will
significantly predict greater intentions to engage with
online auction sites
Favourable attitudes towards online auctions will
significantly predict greater intentions to engage with
online auction sites; the female sample reporting a
stronger positive link between the variables
Favourable social influences will significantly predict
greater intentions to engage with online auction sites
Favourable social influences will significantly predict
greater intentions to engage with online auction sites;
the female sample reporting a stronger positive link
between the variables.
Higher levels of self-efficacy will significantly predict
more favourable intentions to use online auctions
Higher levels of perceived control will significantly
predict more favourable intentions to use online
auctions
Higher levels of self-efficacy will significantly predict
greater use of online auction sites
Higher levels of perceived control will significantly
predict greater use of online auction sites
Male sample self-efficacy will have a stronger positive
link with using online auction sites compared to the
female sample
Male sample perceived control will have a stronger
positive link with using online auction sites compared
to the female sample
Favourable intentions to engage with online auctions
will significantly predict greater use of online auction
sites
Favourable intentions to engage with online auctions
will significantly predict greater use of online auction
sites; the male sample reporting a stronger positive link
between the variables
Favourable ratings of trust towards online auctions will
significantly predict greater intentions of use online
auction sites
Favourable ratings of security towards online auctions
will significantly predict greater intentions of use online
auction sites
Favourable ratings of trust towards online auctions will
significantly predict greater online auction sites usage
Favourable ratings of trust towards online auctions will
significantly predict greater online auction sites usage;
the male sample reporting a stronger positive link
between the variable
Favourable ratings of security towards online auctions
will significantly predict greater online auction sites
usage
Favourable ratings of security towards online auctions
will significantly predict greater online auction sites
usage; the male sample reporting a stronger positive
link between the variables

Supported

1b

2a
2b

3a
3b
4a
4b
5
6
7a
7b

8a
8b
9a
9b

10a
10b

Supported

Not supported
Not supported

Partially
Supported
Not supported
Supported
Partially
supported
Supported
Supported
Supported
Not supported

Partially
Supported
Not supported
Not supported
Not supported

Partially
supported
Not supported

have a significant impact on online transaction decisions (Swaminathan
et al., 1999; Pahnila et al., 2011; Drake et al., 2012). The implications of
this finding would suggest further exploration of social pressures is
needed, especially with the growing influence of social media and of
salient others (SN), such as family or friends. Research indicates that
females, more so than males, spend longer periods of time engaged with
social media than males (Ipsos, 2013), suggesting that these factors
could be measured as antecedents of online auction decisions. This study
provides a foundation for future researchers to study consumer behav
iour in online auction sites and encourages the use of developed models
such as TPB to support this. In addition, this study contributes to
furthering our understanding around the complex relationship between
intentions, behaviours and gender when participating in online auctions
and retailing. Theoretically this study has demonstrated that consumer
behaviour is a complex phenomenon which is shaped by various con
sumer, technology and environmental nuances that need to be
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